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ABSTRACT

Optical character recognition (OCR) is the technology that recognizes text in an image and converts it into
text data. In foreign countries, OCR enables automated document processing. Since the recognition rate of
Hangul is lower than that of English and Numbers, the OCR is not widely used in Korea. If the OCR
accuracy of Hangul is improved, we expect an increase in work efficiency through OCR in Korea as well. In
this paper, the OCR system was based on the convolutional neural network (CNN) to train Hangul, English,
and Numbers. Subsequently, the process was implemented that distinguishes the complex words to complete
Hangul characters, recognizes the complete Hangul characters, and converts them into text data. Additionally,
to further improve the accuracy of the OCR system, search the text data in a web search engine, and verify
the existence of modified words. If a modified word is found in the web search results, it is considered the
correct recognition result and included in the final text data. We conducted a recognition rate measurement and
found that the OCR system was able to accurately recognize up to 90.1% of characters in documents

containing Hangul, English, and Numbers.
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Fig. 1. Example of training data for Hangul
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